
Conducting a 
Literature Review
A step-by-step guide



Goals of a Literature Review

A literature review can be conducted to:

• Assess an evidence base;

• Identify research gaps; and/or

• Synthesize and document the base of existing knowledge so that 

the contribution of new work is evident.

For example, in 2015, EPAR conducted a literature review (EPAR Technical Report #293) to answer the 

research question: “What is the evidence in the scholarly peer-reviewed literature of the effect of 

morbidity on economic growth?” The goal of this review was to assess the evidence base on the 

effects of morbidity and economic growth, and summarize the pathways presented in the literature.

https://evans.uw.edu/policy-impact/epar/research/morbidity-and-economic-growth


EPAR’s Approach

The goal in following a rigorous review process is to have some level of 

certainty that you have identified the relevant literature, and that 

you are collecting from the literature the information necessary 

to rigorously evaluate the state of current knowledge relating to 

your research question(s). 

To increase our confidence in the results of literature reviews, EPAR 

emphasizes three key components of the literature review process: 

– building the sample of studies to review 

– developing a review framework and systematically extracting 
information from the sample of studies using a coding 
spreadsheet 

– using the coding spreadsheet to facilitate analysis of the 
evidence base 



Results

The intended results of a rigorous literature review are:

• Transparency around the scope of your research and your review 

methods; 

• Confidence (among both the researchers and your audience) in 

your clearly defined body of evidence and the integrity of any 

findings you pull from it;

• Improved teamwork - with everyone following the same “system” 

in identifying, coding, and analyzing evidence; 

• A spreadsheet of evidence from the literature coded according to 

a well-organized review framework, covering key aspects of the 

theory relevant to your research question(s); and

• A document presenting findings from your analysis (and relevant 

tables/graphics) that answers your research question(s) and 

identifies gaps in the evidence base (or in your review methods).



Overview of the Literature Review Process

D ef ine t he  S cope  of   Research

Articulate the question(s) that you plan to research and how you intend to provide answers

C ond uct  Prel iminary S earches

Gain a better understanding of the way your topic is discussed, to inform your research question(s), define the 

scope of your research, and shape how you will approach your literature searches and review

D evelop L i t erature  Review Framework

Create a framework for organizing relevant information in your literature review, based in theory and 

structured to facilitate your analysis and answer different aspects of your research question(s)

S elect S earch  D atabases

Determine where relevant information for your review is likely aggregated and identify relevant academic 

databases and organizations whose websites you might search

C reat e S earch  S tr ings

Compose search strings to exclude as many irrelevant sources as possible without excluding any relevant 

sources, making sure to cover different aspects/wordings of topics relating to your research question(s)

D et ermine  S creening  C r iteria

Establish criteria to allow you to systematically identify whether results fall within the scope of your review

Perf orm S earches  and  S creen  Resul ts

Identify and collect literature relevant to answering your research question(s); you want to feel confident that 

the evidence base you have identified for your review includes all relevant literature

C onf i rm t he  Bod y  of   Evidence

Consider modifications or refinements of your research question(s) based on the evidence available; confirm 

the relevance of literature that initially appeared relevant from looking at the title and abstract but might be 

excluded upon further scrutiny; identify any gaps in the evidence base to target with supplemental searches

S et  Up   a   C od ing S p readsheet  Based on  L i t erature  Review  Framework

Create a spreadsheet for systematically recording information from the evidence base according to your 

literature review coding framework; this process (1) ensures you do not miss information relevant to answering 

your research question(s), and (2) organizes information from the relevant literature in a way that makes it 

easy to conduct analyses and write up results 

C od e Inf ormation  f rom  Bod y  of   Evid ence

Systematically read through your body of evidence and enter relevant information into the appropriate sections 

of your coding spreadsheet

Analyze  F indings

Build pivot tables for analysis; use the spreadsheet and pivot tables to compare trends in outcomes and factors 

of interest across relevant groupings; create figures and tables for your report

BUILD THE 

SAMPLE

DEVELOP 

FRAMEWORK 

and CODE

ANALYZE

Review  C oding

Consider modifications to the coding spreadsheet to better answer research questions; conduct intermediate 

reviews of coding decisions to ensure consistency (particularly for group work, but can also apply to reviews 

conducted by a single person if the understanding of how to best code changes over the course of the review)

S um marize  and  Rep ort  F indings

Use the organization of the literature review framework as a structure for summarizing and presenting findings 

from analysis; identify and report on gaps in the evidence base and in the literature review methods



Define Scope of Research (1/3)

The first step in conducting a literature review is to articulate the question(s) that 

you plan to research and how you intend to provide answers

• Spending time on this step will reduce work later stemming from changes to the 

questions, scope, or framework.

• You should be able to clearly articulate the contribution of your literature review to 

answering your research questions.

1. Formulate your general research question(s). To start, consider: 

a. What do you want to be able to answer from a review of the literature? 

b. Are there are any specific sub-questions you want to be able to answer?

Example general research questions:

• What is the evidence in the scholarly peer-reviewed literature of the effect of morbidity on 

economic growth? (EPAR Technical Report #293) 

• What is the evidence of the long-term impacts and cost-effectiveness of cash transfer 

programs in low- and lower middle-income countries? (EPAR Technical Report #359)

https://evans.uw.edu/policy-impact/epar/research/morbidity-and-economic-growth
https://evans.uw.edu/policy-impact/epar/research/review-long-term-impacts-cash-transfer-programs


Define Scope of Research (2/3)

2. Get specific by articulating the following to define the scope of your research :

a. Types of literature to review (e.g., grey (nonacademic) or unpublished literature) 

b. Years of literature to review (e.g., whether to only include recent literature)

c. Study methods (e.g., only studies with experimental or quasi-experimental 

designs)

d. Geographies of interest

e. Interventions/policies of interest

f. Outcomes/indicators of interest 

g. Populations of interest (e.g. rural vs. urban, farmers vs. non-farmers, etc.)

h. Other considerations

Example definition of research scope:

EPAR Technical Report #359 only included:

• peer-reviewed journal articles, grey literature, and unpublished literature

• only studies from 2010 or later

• only review studies and meta-analyses, or studies with experimental or quasi-experimental design

• literature on cash transfer programs and universal basic income programs

It focused on long-term impacts (sustained impacts of short-term outcomes or outcomes that 
are linked to cash transfers via “downstream pathways”) in relation to: general and 
reproductive health, nutrition, labor market participation, poverty, gender and intra-household 
decision-making, financial inclusion.

https://evans.uw.edu/policy-impact/epar/research/review-long-term-impacts-cash-transfer-programs


Define Scope of Research (3/3)

Example research questions and scope (EPAR Technical Report #293):

Research questions: We plan to conduct a review of the literature linking morbidity to 

growth. Specifically, the research questions are as follows: 

1. What is included in standard measures of morbidity? How are they calculated? Does 

cognition factor in? 

2. What is the evidence that assesses the linkages between morbidity and growth at the 

individual/household level (e.g. cognitive impairment to less education to lower 

household income)? 

3. What is the evidence that assesses the linkages between morbidity and growth at the 

macro/country level? 

4. How robust is the evidence on these linkages overall and what is the quality of this 

evidence? What are the unanswered, or unsatisfactorily answered, questions? 

Scope of research: This will be an academic literature review and assessment of existing 

studies on morbidity and economic growth.

o Only include studies published in peer-reviewed journals

o Morbidity refers to the overall burden of disease, including both measures of the incidence 
or prevalence of a specific disease as well as broader measures of more general disease-
related health conditions

https://evans.uw.edu/policy-impact/epar/research/morbidity-and-economic-growth


Build the Sample
EPAR follows six steps in the study search and screening process, refining 
our research question(s) as we go: 

Conduct  Preliminary  Searches
Gain a better understanding of the way your topic is discussed, to inform your research question(s), define 

the scope of your research, and shape how you will approach your literature searches and review

Select  Search  Databases
Determine where relevant information for your review is likely aggregated and identify relevant academic 

databases and organizations whose websites you might search

Create  Search  Strings
Compose search strings to exclude as many irrelevant sources as possible without excluding any relevant 
sources, making sure to cover different aspects/wordings of topics relating to your research question(s)

Determine  Screening  Criteria
Establish criteria to allow you to systematically identify whether results fall within the scope of your review

Perform  Searches  and  Screen  Results
Identify and collect literature relevant to answering your research question(s); you want to feel confident that 

the evidence base you have identified for your review includes all relevant literature

Confirm  the  Body  of  Evidence
Consider modifications or refinements of your research question(s) based on the evidence available; confirm 
the relevance of literature that initially appeared relevant from looking at the title and abstract but might be 
excluded upon further scrutiny; identify any gaps in the evidence base to target with supplemental searches



Conduct Preliminary Searches (1/2)

The goal of preliminary searches is to gain a better understanding of the way your 

topic is discussed, inform and refine your research question(s), further define the 

scope of your research, and shape how you will approach your literature searches 

and review

1. Conduct a few exploratory searches in Google and Google Scholar, using general 

terms related to your research question.

a. Identify relevant background documents

b. Review any recent, highly-cited articles related to the topic (as available) and 

relevant theoretical pieces

2. Read through the top results for a couple different searches, paying particular 

attention to the language used to define and describe your topic.

a. Take notes on relevant findings to inform your research

b. What key terms are used in relation to your research topic?

c. Are there particular issues you had not considered?

3. Go back and modify your research question and scope as useful.



Conduct Preliminary Searches (2/2)

While reading, consider how you might adapt your forthcoming work to the way the 

research is structured. This includes thinking about:

– Theory: Note explicit or implicit theories that link activities or interventions to 

outcomes whenever possible. Break down this theory into its component 

assumptions and hypotheses, as these inform the information you seek to draw 

from the literature. 

• For example, in reviewing the long-term impacts of cash transfers, it may be 

relevant to consider whether impacts of the transfers vary by program 

characteristics such as the amount or duration of the transfers.

– Language used: Pay attention to terms and definitions to inform your search 

strings. For example:

• Measures of economic growth can include GDP, GNI, wages, income, and 

productivity.  

• Measures of morbidity include incidence, prevalence, life expectancy, and specific 

disease counts or indexes . 

• “Cash transfers” may be referred to as pensions, basic income, or government 

transfers.
Example questions targeted in preliminary searches for EPAR Technical Report #293:

What are the various measures of morbidity (such as DALYs) and of growth (such as GDP)? 

What are the hypothesized pathways between morbidity and growth, such as the effect of 

malnutrition on wages and productivity? 

https://evans.uw.edu/policy-impact/epar/research/morbidity-and-economic-growth


Create Search Strings (1/4)

The goal when creating search strings is to exclude as many irrelevant sources as 

possible without excluding relevant sources, while covering different 

aspects/wordings of topics relating to your research question(s).

1. Develop search string keywords based on your research question(s) and 

preliminary searches. Think carefully about your terms, making sure they relate 

specifically to your research questions.

2. Try out a few different versions of your search string and scan the first ~10 

results, to see which strings produce the greatest proportion of relevant results. 

Try including different versions of your key terms. 

3. Based on your initial searches, choose the search string that you will use with 

each database (your primary initial search string).

a. If your research question(s) may be best answered by separate searches, 

develop separate strings targeting each aspect of your question specifically. 

b. You may choose to conduct targeted supplemental searches if you find gaps 

in your sample of studies after your first round of searches and screening.

Example search string for EPAR Technical Report #293: ("Healthy life expectancy" OR HALE*) AND 

("economic growth" OR GDP OR GNI OR wage* OR income* OR productiv*)

Other keywords used included: morbidity, health, disease, Tuberculosis, Rotavirus, Malaria, Polio, HIV, 

disease index, life expectancy, self-reported health, Healthy Life Expectancy (HALE), Disability Adjusted 

Life Years (DALY), Quality Adjusted Life Year (QALY), Years of Life Lost (YLL), comorbidity

https://evans.uw.edu/policy-impact/epar/research/morbidity-and-economic-growth


Create Search Strings (2/4) 

• In a code-based database, you can:

– Use the Boolean operators “AND” “OR” “AND NOT” to increase search accuracy. 

– You may want to run a search string replacing “AND” (more restricted results) with 

“OR” (less restricted results) to see if any new relevant sources come up. 

– Use an asterisk at the end of a word to capture different variations of the same 

word—”evaluat*” returns results with “evaluate,” “evaluation,” and “evaluating.”

– If relevant, use proximity operators such as “W/n”, which restricts to n words 

between two words. This is helpful for exploring the connection between two 

distinct concepts, e.g., “mobile money” and “regulation.” Rules of thumb:

• Find terms in the same phrase: W/3, W/4, or W/5

• Find terms in the same sentence: W/15

• Find terms in the same paragraph: W/50

Example from EPAR Technical Report #339:

We searched for information on private company research on orphan crops, including taro. We 

included NOT “Taro Pharmaceuticals” in the search string for taro to exclude irrelevant 

information about a popular pharmaceutical company that had nothing to do with the crop. 

https://evans.uw.edu/policy-impact/epar/research/funding-agricultural-research-and-development-public-goods


Create Search Strings (3/4) 

• One carefully chosen, all-encompassing search string reduces the number of 

times you may have to screen the same search results, as opposed to conducting 

multiple searches with different terms.

– Example: Use (“multilateral aid” AND “bilateral aid”) AND (evaluation OR analysis 

OR effectiveness OR evidence OR impact) rather than separate search strings 

covering the different elements within the parentheses.

– You will still need to check for duplicate results from running your searches in 

different databases. To identify duplicate search results after conducting searches 

with multiple strings or across different databases, EPAR puts all of the results in a 

single spreadsheet, and uses conditional formatting to “Highlight Duplicates” 

among titles.

• Multiple search strings may be more effective for targeted searches that focus on 

different aspects of your research scope. 

– Example: If you are searching for evidence for a defined set of countries, you 

might conduct separate searches adding a country name to the end of your initial 

search string, to ensure you do not miss relevant results for those countries.

• More “general” search strings may return a greater variety of relevant results and 

save time from conducting multiple searches, but also bring up a greater 

proportion of non-relevant results. Test out your search strings and consider this 

trade-off.



Create Search Strings (4/4)

• You may need different search strings for Google/Google Scholar. 

– These engines generally return more results than the academic databases, 

complicating the initial process of identifying relevant sources. 

– They also limit the length of your string to 32 words in Google or 256 characters in 

Google Scholar, so limit your Boolean search terms.

• Document your search process. You will need to describe it in the “Methods” of 

your final product and be prepared to justify your choice of search 

string(s)/term(s).

Example search strings for EPAR Technical Report #293:

Search Scopus with the following search strings:
• (HIV*) AND ("economic growth" OR GDP OR GNI OR wage* OR income* OR productiv*)
• ("Healthy life expectancy" OR HALE*) AND ("economic growth" OR GDP OR GNI OR wage* OR 

income* OR productiv*)

Search Google Scholar with the following search strings:
• HIV ("economic growth" OR GDP OR GNI OR wage OR income OR productiv)
• (“Healthy life expectancy" OR HALE*) ("economic growth" OR GDP OR GNI OR wage OR income OR 

productiv)

Note that Google Scholar automatically inserts “AND” between every word/phrase unless OR is 
specifically there, and it gives words at the beginning of your string more weight/higher priority.

https://evans.uw.edu/policy-impact/epar/research/morbidity-and-economic-growth


Select Search Databases (1/4)

The goal in selecting databases is to identify academic databases and organizations’ 

websites where relevant information for your review is likely aggregated.

1. Decide what type of literature you need to include:

a. Academic Literature: Published studies have likely been peer-reviewed and may 

therefore be more reliable sources. Some databases include unpublished studies 

that may be more recent, but have not yet undergone journal peer review. 

i. The UW Library System draws from multiple academic databases. 

ii. Researchers without access to academic databases will be restricted to studies 

that are published as open access. 

b. Grey Literature:  You may want your review to include grey literature if there is 

significant non-academic research on your topic. If so, identify relevant 

organizations/ institutions conducting research related to your questions, and 

search their websites. 

i. EPAR frequently searches websites of the following organizations: Abdul Latif 

Jameel Poverty Action Lab (J-PAL), Consultative Group to Assist the Poor (CGAP), 

Center for Global Development (CGDEV), Food and Agriculture Organization 

(FAO), World Bank, International Food Policy Research Institute (IFPRI), and any 

Consultative Group for International Agricultural Research (CGIAR) or UN 

institutions relevant to the topic.

ii. Grey literature databases include Open-grey, ProQuest Dissertation and Theses 

Database, and the Networked Digital Library of Theses and Dissertations.

iii. Google searches may also provide relevant results from the grey literature, which 

can help to address gaps in published evidence.



Select Search Databases (2/4)

2. Select the databases that are relevant to your topic. As general guidelines:

a. Undertake the primary search using one or more academic databases using 

Boolean operators (e.g., Scopus, PubMed, EconLit, PAIS, Cochrane Library, etc.).

i. EPAR literature reviews usually include searches in Scopus, a multi-disciplinary 

database of published academic studies. Scopus allows users to export search 

results to a spreadsheet, facilitating screening and documenting the process.

ii. Your choice of academic databases should be informed by the relevance of their 

disciplinary focus to your research question(s). For example, PubMed focuses on 

topics in health.

b. Use Google Scholar as a check on academic search results, using the same search 

terms to look for any well-cited papers missed by more systematic databases. 

i. All EPAR literature reviews include Google Scholar searches as it includes a wide 

variety of publishing and unpublished academic studies. Results not published in 

peer-reviewed journals may not be included in academic databases. 

ii. Google Scholar is especially useful for finding new research (i.e., the last 1-2 yrs)

c. Search selected organizations’ websites to identify relevant grey literature.  

d. Following all literature searches, conduct a general Google search of your search 

string and review the first ~50 results as a final check to see whether the previous 

searches have missed any key results. 

i. This step may be particular useful in identifying recent research relevant to your 

question(s) that may not yet be included in other search databases.

ii. Google supports two basic Boolean commands: (1) AND, (2) OR.

http://guides.lib.uw.edu/c.php?g=727047&p=5190568


Select Search Databases (3/4)

• Database selection should be informed by the discipline of your research.

– Depending on the research question(s), different discipline-specific databases 

may have information on different aspects related to the scope of the review. 

Searching multiple databases will limit the risk of missing relevant literature. 

– EPAR often searches Scopus as the primary database and always conducts 

searches in Google Scholar.

• Databases have different strengths and weaknesses. For example:

– Some databases allow you to export and download a spreadsheet of research 

results (e.g., Scopus does but Google Scholar does not). This is helpful for 

systematically tracking your searches and screening, and allows you to go back to 

look at your results again later if needed. For other databases, you need to record 

sources manually. When possible, EPAR exports search results for review. 

– Some allow you to search title, author and abstract, but others only permit 

searching of the title, or some other field. Narrowing the search to certain parts of 

the document may help increase the likelihood that your search results are 

relevant to your review.

– Some databases include literature behind a paywall (not published “open access”). 

It is up to you to decide whether the material is relevant enough to warrant 

paying for it. 

– Google Scholar only allows viewing of the first 100 pages of results. 



Select Search Databases (4/4)

• If available, you might choose to consult an academic or public librarian for 

advice on conducting your searches. 

• UW Political Science and Public Affairs Librarian Emily Keller can help identify 

potentially relevant places to search.

– Her webpage includes links to library guides for “Political Science and Public 

Policy” and “International Studies”.

– Her “Lit Review Toolkit” includes links to specialized lit review resources and grey 

literature searches, including a Google blog search and a custom Google search 

engine for NGOs (under “Discipline-specific tools”).

• Databases for EPAR Literature Search

– While this list is EPAR-specific, it will be relevant to other individuals/groups 

conducting international development research. It also provides a useful example 

of what a database list might look like more generally. 

• Again, always conduct a final set of searches in Google to make sure you didn’t miss 

any key results!

Example from EPAR Technical Report #293 :

We conducted supplementary searches using Google Scholar to identify any well-cited 
literature that may have been missed through the Scopus keywords. These searches yielded 
an additional 106 studies that seemed relevant from an initial screening of the title and 
abstract, which were narrowed down to 43 relevant empirical studies upon further screening.

http://guides.lib.washington.edu/emkeller
http://guides.lib.washington.edu/litreviewtoolkit
2. Literature Review/Databases for EPAR Literature Search.xlsx
https://evans.uw.edu/policy-impact/epar/research/morbidity-and-economic-growth


Example Search String and Database Selection

Example from EPAR Technical Report #293:

• We only reviewed academic peer-reviewed literature. We used the Scopus academic 

database, supplemented by searches in Google Scholar. We chose Scopus because it is a 

multi-disciplinary academic database with useful tools for filtering search results and for 

exporting search results to a spreadsheet for documentation and screening.

• We used Boolean search strings (with operators AND, OR, NOT, quotation marks “” that 

surround exact phrases to be searched, and parentheses () that combine terms and 

operators), based on each of the different measures of morbidity and keywords including 

economic growth: e.g. (“life expectancy” OR “years lived with disability”) AND (GDP OR 

income OR “economic growth”)

• We initially put terms like “RCT” and “randomized control trial” and “experimental” in our 

search strings to try to focus on studies that might allow for causality to be assessed. So 

few studies emerged, however, that we included more general terms like “empirical” and 

expanded the acceptable methodologies to “quasi-experimental” in our search strings.   

• Initial Scopus searches using broad keywords such as “health” and “disease” alongside 

economic growth indicators returned 7,331 results for “health” and economic growth, and 

2,231 results for “disease” and economic growth. 

• A narrower search using specific morbidity search terms returned 3,948 items of 

published literature across multiple searches. For example, one search focusing on DALYs 

as a measure of morbidity used the following search string: ("Disability Adjusted Life Years" 

OR DALY*) AND ("economic growth" OR GDP OR GNI OR wage* OR income* OR productiv*)

https://evans.uw.edu/policy-impact/epar/research/morbidity-and-economic-growth


Determine Screening Criteria (1/2)

The goal in determining screening criteria is to allow you to systematically identify 

whether results fall within the scope of your review

1. Determine screening criteria based on your research question and scope and 

logic for excluding irrelevant sources.

a. “Relevance” should be defined clearly in writing at the outset and could be 

captured by several criteria, usually based on your review framework. 

2. Outline your screening criteria as a list of Yes/No questions that you can quickly 

go through for each search result

3. The following are helpful general screening criteria to apply to search results, 

depending on your research scope:

a. Geography. e.g., only include results from Africa

b. Date. e.g., exclude results from before 2010 (with the goal of prioritizing more 

recent studies, which may cite or discuss older studies)

c. Study type. e.g., exclude results that are not published in peer-reviewed journals, 

or that are not experimental (e.g., qualitative studies) 

d. Empirical studies. e.g., exclude results that only discuss theory

e. Availability. e.g., source is available online for free in full text. 

i. If you have access to an academic library, you might be able to request an 

article scan. 

f. Language. e.g., source is written in English (this criterion is usually implicit). 



Determine Screening Criteria (2/2)

Example screening criteria from EPAR Technical Report #359:

• Type of study: Is the study a literature review or meta-analysis? 

• Empirical evidence: Does it include empirical evidence on the impacts of cash transfer 

programs?

• Outcomes/indicators discussed: Does it include evidence on general or reproductive health, 

nutrition, labor market participation, poverty, gender and intra-household dynamics, or 

financial inclusion?

• Nature of outcomes/indicators: Does it report on long-term impacts of cash transfer 

programs on one of these outcome areas?

• Geography: Does it report evidence from cash transfer programs in a low- or middle-income 

country?

• Date: Was the study published from 2010-?

The figure to the right summarizes the search and

Screening process for this project.

Only 54 studies for which the answer to all of the 

above questions was yes were included in the 

literature review.

https://evans.uw.edu/policy-impact/epar/research/review-long-term-impacts-cash-transfer-programs


Perform Searches and Screen Results (1/5)

The goal during your searches and screening is to identify and collect literature 

relevant to answering your research question(s). You want to feel confident that the 

sample of studies you have identified for your review includes all relevant literature.

1. Enter search strings into each database you selected. 

a. For Google Scholar, you may want to conduct one search sorted by relevance and 

another sorted by relevance but limited to the last couple of years (to ensure you 

don’t miss new research). 

2. Determine how many and which results to screen. Make sure the search 

database presents your results sorted by relevance, to help ensure that if you 

are not able to screen all results, you have screen those most likely to be 

relevant.

a. For searches that yield fewer than 100 results, screen the title and abstracts of all 

results using your screening criteria.

b. For searches that yield more than 100 results, screen at least the first 50. If a 

good proportion of them are still relevant, continue screening the next 20. 

Repeat this process until you see very few relevant documents in a given set of 

results.

c. Note how many pages/results you reviewed for searches where you did not 

review every result. Google and Google Scholar stop showing results after 100 

pages. If you are continuing to see relevant results, consider conducting 

additional searches with more specific terms.



Perform Searches and Screen Results (2/5)

3. Read the titles and abstracts of your results and screen them against your set of 

screening criteria. Exclude results that are clearly and indisputably not relevant, 

i.e., that do not meet your screening criteria (see example of a screening 

spreadsheet in Resources). 

a. If possible, export or enter your search results to a spreadsheet, and add columns for 

each of your screening criteria where you can code whether a given results meets each 

criterion.

4. Download and save all of the relevant sources. 

a. If searches yield a large number of sources that appear relevant, you may want to 

screen more than the title and abstract to confirm their relevance before downloading.

5. For transparency about your search methods, track the following information 

about each database and search string in a spreadsheet (see example of Results 

Tracking table in Resources):

a. Database searched

b. Search string used (make sure to document filters you add to your search string in a 

given database)

c. Date of the search and name of person who performed the search (if dividing searches 

among multiple people) 

d. Number of search results

e. Number of search results screened (in case searches turn up hundreds or more results)

f. Number of new relevant search results

g. Number of duplicate relevant search results (you will not be able to note duplicates 

until you have aggregated all of your search results)



Perform Searches and Screen Results (3/5)

• Document limitations to your searches, including noting titles of sources not 

available for download free of charge.

• For UW students, if a published source is not available online, you should search 

for it in the UW library system to see if a scan might be available. 

• After your initial searches, you may find that you lack studies with evidence for 

certain aspects of your research question(s). You may choose to conduct 

supplemental searches with new search strings that target gaps in your sample 

of studies, search particular organizations/additional databases for relevant grey 

literature, or search the bibliographies/references of the studies you initially 

identified for additional publications. 

– Document these supplemental searches as you would the initial searches, along 

with your rationale for conducting them.

• When downloading relevant results, consider a standardized nomenclature. 

– For example, EPAR saves sources in PDF format as “AuthorLastName1 

AuthorLastName2 YEAR,” for sources with up to three authors, and 

“AuthorLastName1 et al YEAR” for sources with more than three authors, to make 

it easier to track documents.



Perform Searches and Screen Results (4/5)

Example Search Results Tracking (abbreviated) for EPAR Technical Report #293:

Table A2.1: Scopus Keyword and search results

Keywords searched

Total 

Number of 

Search 

Results

First-cut Second-cut

Relevant 

Studies

Relevant and 

Empirical 

Studies

Relevant, 

Empirical and 

Individual/H

H/ Firm level 

Studies

Relevant, 

Empirical 

and 

Economy 

level 

Studies

Relevant, 

Empirical 

and 

Individual/H

H/Firm 

level 

Studies -

Morbidity 

Focus Areas

Relevant, 

Empirical 

and 

Economy 

level 

Studies -

Morbidity 

Focus 

Areas

morbidit* 326 104 87 47 44 23 34

Tuberculosis 99 16 15 8 7 4 3

rotavirus 29 13 12 11 1 1

malaria 109 27 19 9 14 7 11

polio 5 0 0 0 0

HIV* 309 79 71 32 47 11 29

"Disability Adjusted Life 

Years" OR DALY* 
84 38 37 32 5 4 5

"Quality adjusted life 

year" OR QALY* 
119 69 69 66 3 12 2

comorbidit* OR co-

morbidit* OR comorbid*
85 28 27 23 4 12 4

"weight-for-age" OR 

"stature-for-age" OR 

height OR (weight AND 

height)

226 33 32 28 5 25

“mental health” OR 

“Patient health 

questionnaire” OR 

“Generalized Anxiety 

Disorder” 

291 38 37 31 7 17 6

TOTAL 13492 796 673 467 229 207 134

Note: The first-cut refers to the initial level of coding done using the title, keywords and abstract. The second cut refers to the 

second level of coding done using the text of the studies.

https://evans.uw.edu/policy-impact/epar/research/morbidity-and-economic-growth


Perform Searches and Screen Results (5/5)

Example Screening Spreadsheet (abbreviated) for EPAR Technical Report #293:

*Include studies that use empirical data for the study of household and firm-level links 

between morbidity and economic growth. 

Microeconomic Studies of Morbidity & Growth (Scopus) Level of Analysis Empirical?

Keyword Authors Title Year Source title Abstract

Individual/HH 

level study 

(0/1)

Firm level study 

(0/1)

Economy level 

study (0/1)

Primarily Theory 

(0/1)

Primarily Empirical 

(0/1)

BMI Bockerman P., Va iniomaki  J.Stature and l i fe-time labor market outcomes: Accounting for unobserved di fferences2013 Labour Economics We use twin data  matched to regis ter-based individual  information on earnings  and employment to examine the effect of height on l i fe-time labor market outcomes. The use of twin data  a l lows  us  to remove otherwise unobserved abi l i ty and other di fferences . The twin pa ir di fference estimates  from instrumental  variable estimation for genetica l ly identica l  twins  reveal  a  s igni ficant height-wage premium for women but not for men. This  result impl ies  that cognitive abi l i ty expla ins  the effect of height on l i fe-time earnings  for men. Additional  findings  us ing capita l  income as  the outcome variable suggest that discrimination against short persons  may play a  role for women. © 2013 Elsevier B.V.1 1

BMI Jha R., Gaiha  R., Pandey M.K.Body mass  index, participation, duration of work and earnings  under the national  rura l  employment guarantee scheme: Evidence from Rajasthan2013 Journal  of As ian EconomicsDespite i ts  evident importance relatively l i ttle i s  known about l inks  between Body Mass  Index (BMI) and participation in workfare programs, particularly in India . Us ing a  unique data  set for the Indian s tate of Rajasthan for 2009-10, this  paper attempts  to fi l l  this  void and examines  the association between BMI and participation in, duration of employment in and earnings  from employment in NREGS. Thus  we go beyond the scope of the extant l i terature and model  these l inks  for both male and female workers  with varied socia l  and economic backgrounds . Further, we permit non-l ineari ties  in some impacts  and a l low for mutual  endogenity, say, between BMI and earnings . The pol icy impl ications  of a  mix of piece and dai ly wage rates  under NREGS, a  combination of NREGS and food subs idy, and the mix of food subs idised are elaborated. © 2013 Elsevier Inc.1 1

BMI Kan K., Lee M.-J.Lose weight for a  ra ise only i f overweight: Margina l  integration for semi-l inear panel  models2012 Journal  of Appl ied EconometricsSome studies  have shown that body mass  index (BMI), weight (kg)/height (m)2, has  a  negative (or no) effect on wage. But BMI representing obes i ty i s  a  tightly speci fied function of weight and height, and there i s  a  room for weight given height (i .e. obes i ty given height) to better expla in wage when the tight speci fication gets  relaxed. In this  paper, we address  the question of weight effect on wage given height, employing twowave panel  data  for white females  and adopting a  semi-l inear model  cons is ting of a  nonparametric function of weight and height and a  l inear function of the other regressors . We find that there i s  no weight effect on wage up to the average weight, beyond which a  large negative effect kicks  in. Linear BMI models  give the incorrect impress ion of the presence of a  'wage ga in' by becoming s l immer than the average and of a  'wage loss ' that i s  less  than what i t actual ly i s  when going above the average. © 2010 John Wi ley & Sons , Ltd.1 1

BMI Han E., Norton E.C., Powel l  L.M.Direct and indirect effects  of body weight on adult wages 2011 Economics  and Human BiologyPrevious  estimates  of the association between body weight and wages  in the l i terature have been conditional  on education and occupation. In addition to the effect of current body weight s tatus  (body mass  index (BMI) or obes i ty) on wages , this  paper examines  the indirect effect of body weight s tatus  in the late-teenage years  on wages  operating through education and occupation choice. Us ing the National  Longitudinal  Survey of Youth 1979 data, for women, we find that a  one-unit increase in BMI i s  di rectly associated with 1.83% lower hourly wages  whereas  the indirect BMI wage penalty i s  not s tatis tica l ly s igni ficant. Neither a  di rect nor an indirect BMI wage penalty i s  found for men. However, results  based on cl inica l  weight class i fication reveal  that the indirect wage penalty occurs  to a  larger extent at the upper ta i l  of the BMI dis tribution for both men and women via  the pathways  of education and occupation outcomes. Late-teen obes i ty i s  indirectly associated with 3.5% lower hourly wages  for both women and men1 1

BMI Brown H. Marriage, BMI, and Wages : A double selection approach 2011 Scottish Journal  of Pol i tica l  EconomyObes ity rates  have been ris ing over the past decade. As  more people become obese, the socia l  s tigma of obes i ty may be reduced. Marriage has  typica l ly been used as  a  pos i tive s ignal  to employers . If obese individuals  possess  other characteris tics  that are va lued in the labour market they may no longer face a  wage penalty for their phys ica l  appearance. This  paper investigates  the relationship between mari ta l  s tatus , body mass  index (BMI), and wages  by estimating a  double selection model  that controls  for selection into the labour and marriage markets  us ing waves  14 and 16 (2004 and 2006) of the Bri ti sh Household Panel  Survey. Results  suggest that unobserved characteris tics  related to marriage and labour market participation are caus ing an upward bias  on the BMI coefficients . The BMI coefficient i s  pos i tive and s igni ficant for married men only in the double selection model . The findings  provide evidence that unobserved characteris tics  related to success  in the marriage and labour market may influence the relatio1 1

BMI Bozoyan C., Wolbring T.Fat, muscles , and wages 2011 Economics  and Human BiologyRecent s tudies  in health economics  have generated two important findings : that as  a  measure of fatness  the body mass  index (BMI) i s  biased; and that, when i t comes  to analyzing wage correlates , both fat-free mass  (FFM) and body fat (BF) are better sui ted to the task. We va l idate these findings  for Germany us ing the BIAdata  Base Project and the German Socio-Economic Panel . Whi le we find no s igni ficant correlation between BMI and wages  in any of our models , s imple l inear regress ion models  featuring both contemporary and time-lagged fatness  measures  indicate that FFM and, to a  lesser extent, BF are associated with hourly wages : more speci fica l ly, the relationship between FFM/BF and hourly wages  i s  about two to three times  higher for females  than for males . In contrast, fixed-effects  models  indicate that there i s  no correlation between hourly wages  and both FFM and BF with one exception: a  s igni ficant correlation (and one in l ine with expectations) i s  found to be the rule among job changers . © 2011 Elsevier B.V. 1 1

BMI Kortt M., Leigh A.Does  s ize matter in Austra l ia? 2010 Economic Record We estimate the relationship between hourly wages  and two aspects  of body s ize: height and body mass  index (BMI). We observe a  height premium, with an additional  10 cm of height being associated with a  3 per cent increase in hourly wages  for men. However, workers  with higher BMI scores  do not seem to earn lower wages . These results  are largely unaffected by control l ing for phys ica l  health, or (in the case of BMI) instrumenting with the BMI of biologica l  fami ly members . A survey of previous  instrumental  variables  s tudies  shows l i ttle indication of systematic biases , suggesting that OLS may provide a  reasonable estimate of the causal  impact of BMI on wages . © 2009 The Economic Society of Austra l ia .1 1

BMI Han E., Norton E.C., Stearns  S.C.Weight and wages : Fat versus  lean paychecks 2009 Health Economics Past empirica l  work has  shown a  negative relationship between the body mass  index (BMI) and wages  in most cases . We improve on this  work by a l lowing the margina l  effect of non-l inear BMI groups  to vary by gender, age, and type of interpersonal  relationships  required in each occupation. We use the National  Longitudinal  Survey of Youth 1979 (1982-1998). We find that the often-reported negative relationship between the BMI and wages  i s  larger in occupations  requiring interpersonal  ski l l s  with presumably more socia l  interactions . Also, the wage penalty increases  as  the respondents  get older beyond their mid-twenties . We show that being overweight and obese penal izes  the probabi l i ty of employment across  a l l  race-gender subgroups  except black women and men. Our results  for the obes i ty-wage association can be expla ined by ei ther consumers  or employers  having dis taste for obese workers . Copyright © 2008 John Wi ley & Sons , Ltd.1 1

BMI Johansson E., Bockerman P., Ki i skinen U., Hel iovaara  M.Obes i ty and labour market success  in Finland: The di fference between having a  high BMI and being fat2009 Economics  and Human BiologyThis  paper examines  the relationship between obes i ty and labour market success  in Finland, us ing various  indicators  of individual  body compos ition a long with body mass  index (BMI). Weight, height, fat mass  and wais t ci rcumference are measured by health profess ionals . We find that only wais t ci rcumference has  a  negative association with wages  for women, whereas  no obes i ty measure i s  s igni ficant in the l inear wage models  for men. However, a l l  measures  of obes i ty are negatively associated with women's  employment probabi l i ty and fat mass  i s  negatively associated with men's  employment probabi l i ty. We a lso find that the use of categories  for wais t ci rcumference and fat mass  has  a  substantia l  influence on the results . For example, the category for high fat mass  i s  associated with roughly 5.5% lower wages  for men. Al l  in a l l , the results  indicate that in the absence of measures  of body compos ition, there i s  a  ri sk that labour market penalties  associated with obes i ty are measured with bias . © 2009 Elsevier B.V. Al l  ri1 1

BMI Cawley J., Han E., Norton E.C.Obes i ty and labor market outcomes  among legal  immigrants  to the United States  from developing countries2009 Economics  and Human BiologyThis  paper s tudies  the association between weight and labor market outcomes  among legal  immigrants  to the United States  from developing countries  us ing the fi rs t national ly representative survey of such individuals . We find that being overweight or obese i s  associated with a  lower probabi l i ty of employment among women who have been in the U.S. less  than five years , but we find no such correlation among men who have been in the U.S. less  than five years , or among women or men who have been in the U.S. longer than five years . We genera l ly find no s igni ficant association between weight and ei ther wages , sector of employment, or work l imitations  for ei ther women or men. Poss ible explanations  for these findings  are discussed. © 2009 Elsevier B.V. Al l  rights  reserved.1 1

BMI Greve J. Obes i ty and labor market outcomes  in Denmark 2008 Economics  and Human BiologyThis  paper analyzes  the relationship between body mass  index (BMI) and employment s tatus  and wages . The analys is  uses  a  unique data  set from a  Danish panel  survey from 1995 and 2000, combined with adminis trative regis ters , covering 8000 individuals . Results  show a  negative effect of BMI on employment for women and an inverted u-shaped effect for men. Results  further indicate that in the private sector BMI has  a  negative effect on wages  for women but an inverted u-shaped effect on wages  for men, whereas  results  from the publ ic sector show that BMI has  no influence on wages  for ei ther men or women. © 2008 Elsevier B.V. Al l  rights  reserved.1 1

BMI Gates  D.M., Succop P., Brehm B.J., Gi l lespie G.L., Sommers  B.D.Obes i ty and presenteeism: The impact of body mass  index on workplace productivi ty2008 Journal  of Occupational  and Environmental  MedicineOBJECTIVE: To examine whether obes i ty i s  associated with increased presenteeism (health-related l imitations  at work). METHODS: Randomly selected manufacturing employees  (n = 341) were assessed via  height and weight measures , demographic survey, wage data, and the Work Limitations  Questionnaire. The Work Limitations  Questionnaire measures  productivi ty on four dimens ions . Analyses  of variance and analyses  of covariance were computed to identi fy productivi ty di fferences  based on body mass  index (BMI). RESULTS: Moderately or extremely obese workers  (BMI ≥35) experienced the greatest health-related work l imitations , speci fica l ly regarding time needed to complete tasks  and abi l i ty to perform phys ica l  job demands . These workers  experienced a  4.2% health-related loss  in productivi ty, 1.18% more than a l l  other employees , which equates  to an additional  $506 annual ly in lost productivi ty per worker. CONCLUSIONS: The relationship between BMI and presenteeism is  characterized by a  threshold effect, where extremely or mode1 1

BMI Sul l ivan P.W., Ghushchyan V.Cardiovascular ri sk factor clusters  and employment in the United States2007 Value in Health Objective: The prevalence of cardiovascular disease i s  increas ing dramatica l ly partia l ly because of the a larming rise in overweight/obes i ty, diabetes , and related cardiovascular ri sk factors  such as  hypertens ion and hyperl ipidemia. These ri sk factors  are often preventable and usual ly cluster together. The purpose of this  s tudy was  to examine and quanti fy the impact of cardiovascular ri sk factor clusters  (CVRFC) on employment in the United States . Methods: Us ing the national ly representative Medica l  Expenditure Panel  Survey, the current research estimated the l ikel ihood of employment and the impact on annual  wages  us ing a  recurs ive bivariate probit model  and a  Heckman selection model , control l ing for sociodemographic characteris tics , smoking s tatus , mari ta l  s tatus , and geographic region. CVRFC included body mass  index (BMI) ≥ 25 or BMI ≥ 30 with two of the fol lowing three: diabetes , hyperl ipidemia  and/or hypertens ion. Al l  es timates  were expressed in 2005 US dol lars . Results : Unadjusted analyses  suggest that le1 1

Calorie intake Price G.N. The a l lometry of metabol ism and s tature: Worker fatigue and height in the Tanzanian labor market2013 Economics  and Human BiologyIf the pos i tive wage-height correlation i s  at least partia l ly biologica l  in origin, one plaus ible pathway is  the effect of s tature on energy expenditure in individuals . If metabol ism sca les  proportionately with s tature, then relative to short individuals , ta l ler individuals  can produce more energy for a  given work task. This  a lso suggests  that end-of-the-workday fatigue, or lack of energy, varies  inversely with s tature. We test this  hypothes is  with data  from the 2004 Tanzanian Household Worker Survey in which workers  report the extent of their fatigue at the end-of-the-workday. Ordinal  latent variable parameter estimates  reveal  that relative to short workers , ta l ler workers  are less  l ikely to report being ti red at the end-of-the-workday. This  suggests  that the pos i tive wage-height relationship a lso has  a  biologica l  foundation whereby the energy requirements  and metabol ic costs  associated with work effort/tasks  are inversely related to s tature. Â© 2012 Elsevier B.V. Al l  rights  reserved.1 1

Calorie intake Mushtaq K., Gafoor A., Abedual lahAn examination of ca lorie demand relationship in Pakis tan2007 Pakis tan Journal  of Nutri tionThis  paper has  examined the long-run relationship between dai ly per capita  ca lorie intake, per capita  income and food prices  for Pakis tan us ing aggregate data  1960-2001. Cointegration analys is  yields  the income-ca lorie elastici ty of 0.21, whi le food-price elastici ty i s  ins igni ficant. Thus , economic growth, as  measured by increas ing per capita  income, has  s igni ficantly improved ca lorie intake in Pakis tan; future economic growth can a l leviate further inadequate ca lorie intake. However, s igni ficant improvements  in ca lorie intake cannot be made directly by food subs idies . Nevertheless , the pol icies  that lower food prices  a lso have the indirect effect of increas ing rea l  incomes  via  the income effect. So i t i s  in this  sense that food-subs idy pol icies  may have a  role in improving ca lorie intakes . In the context of access  to food, i t would be important to identi fy the food insecure people, which are financia l ly poor and are unable to acquire sufficient food, even i f the overa l l  supply of food in the country i s  suffic1 1

Calorie intake Gl ick P., Sahn D.E.Health and productivi ty in a  heterogeneous  urban labour market1998 Appl ied Economics The effects  of changes  in various  health indicators  on hourly earnings  in di fferent sectors  of the labour market are examined us ing survey data  from Conakry, Guinea. Greater height, which i s  associated with greater s trength, ra ises  earnings  of men both in sel f-employment and the private wage sector, where work i s  l ikely to involve phys ica l  labour. Height does  not matter for women's  earnings , which l ikely reflects  the less  phys ica l ly s trenuous  nature of most women's  activi ties . Body mass  index, treated as  an endogenous  variable, appears  to ra ise earnings  of men in sel f- and private wage employment and of women in sel f-employment. No impacts  are found for household per capita  ca lorie and protein ava i labi l i ty, a lso treated as  endogenous . Overa l l , the results  suggest that health matters  for productivi ty in poor urban environments , with these effects  depending on gender and the sector of employment or type of work.1 1

cognition Vogl  T.S. Height, ski l l s , and labor market outcomes  in Mexico 2014 Journal  of Development EconomicsTal ler workers  are pa id higher wages . A prominent explanation for this  pattern i s  that phys ica l  growth and cognitive development share chi ldhood inputs , inducing a  correlation between adult height and two productive ski l l s : s trength and intel l igence. This  paper explores  the relative roles  of s trength and intel l igence in expla ining the labor market height premium among Mexican men. Whi le cognitive test scores  account for a  l imited share of the height premium, roughly ha l f of the premium can be attributed to the educational  and occupational  choices  of ta l ler workers . Ta l ler workers  obta in more education and sort into occupations  with greater intel l igence requirements  and lower s trength requirements , suggesting a  poss ible role for cognitive ski l l . © 2013 Elsevier B.V.1 1

cognition Ramos  J., Coble D., El fernan R., Soto C.The Impact of Cognitive and Noncognitive Ski l l s  on Profess ional  Sa laries  in An Emerging Economy, Chi le2013 Developing EconomiesProfess ional  sa laries  in Chi le are here expla ined on the bas is  not only of traditional  human capita l  variables  but a lso of variables  indicative of other cognitive and noncognitive ski l l s . As  might be expected, col lege entrance scores  (SAT), our measure of advanced cognitive ski l l s , are found to impact s trongly and nonl inearly on sa laries . More surpris ingly, ranking in one's  high school  graduation class  ra ises  one's  sa lary 10 years  later by the equiva lent of one year of additional  experience, suggesting that ranking s tands  for a  more permanent noncognitive ski l l  such as  effort or sel f-discipl ine. As  i s  typica l ly found, women earn less  than men, but, to our surprise, they a lso have lower asking sa laries  than men. © 2013 Insti tute of Developing Economies .1 1

cognition Lindqvis t E. Height and leadership 2012 Review of Economics  and Statis ticsThis  paper s tudies  the relationship between height and leadership. Us ing data  from a  representative sample of Swedish men, I  document that ta l l  men are s igni ficantly more l ikely to atta in manageria l  pos i tions . An increase in height by 10 centimeters  (3.94 inches) i s  associated with a  2.2 percentage point increase in the probabi l i ty of holding a  manageria l  pos i tion. Selection into manageria l  pos i tions  expla ins  about 15% of the unconditional  height-wage premium. However, about ha l f of the height-leadership correlation i s  due to a  pos i tive correlation between height and cognitive and noncognitive abi l i ty. © 2012 by the Pres ident and Fel lows  of Harvard Col lege and the Massachusetts  Insti tute of Technology.1 1

cognition MacKe A., LePorte A., Clark B.C.Socia l , societa l , and economic burden of mal  de debarquement syndrome2012 Journal  of Neurology Mal  de debarquement syndrome (MdDS) i s  a  disorder of phantom perception of sel f-motion of unknown cause. The purpose of this  work was  to describe the qual i ty of l i fe (QOL) of patients  with MdDS and to estimate the economic costs  associated with this  disorder. A modified vers ion of a  QOL survey used for another neurologica l  disease (multiple scleros is ; MSQOL-54) was  used to assess  the impact of MdDS on QOL in 101 patients . The estimated economic costs  were based on sel f-reported direct and indirect costs  of individuals  l iving in the United States  us ing Medicare reimbursement payment rates  for 2011 in 79 patients . Patients  with MdDS reported a  poor overa l l  QOL as  indicated by a  mean compos ite QOL score of 59.26 ± 1.89 (out of 100). The subcategories  having the lowest QOL rating were role l imitations  due to phys ica l  problems (18.32 ± 3.20), energy (34.24 ± 1.47), and emotional  problems (36.30 ± 4.00). The overa l l  phys ica l  health compos ite score including ba lance was  49.40 ± 1.69, and the overa l l  mental  health co1 1

cognition Sakel lariou C. Centra l  government versus  private sector wages  and cognitive ski l l s : Evidence us ing endogenous  switching regress ion2012 Appl ied Economics The importance of estimation techniques  that a l low for nonrandom selection of workers  into the publ ic and private sectors  has  been establ ished in the theoretica l  and empirica l  l i terature. A separate body of work has  explored the contribution of cognitive and other bas ic ski l l s  to earnings . This  article brings  together these two s trands  of empirica l  l i terature us ing Adult Li teracy and Li feski l l s  (ALL) survey data  for Norway and Bermuda. In the case of Norway, results  from both Ordinary Least Squares  (OLS) and a  switching regress ion model  agree that cognitive ski l l s  are rewarded more in the publ ic sector and that, in both sectors , the main effect i s  the direct effect of ski l l s  on earnings . In the case of Bermuda, however, switching regress ion estimates  are substantia l ly di fferent with respect to the how ski l l s  a ffect earnings ; furthermore, control l ing for cognitive ski l l s  changes  the nature of selection and, hence, the estimates  of sector wage di fferentia ls . © 2012 Taylor & Francis .1 1

cognition As lam M., Bari  F., Kingdon G.Returns  to school ing, abi l i ty and cognitive ski l l s  in Pakis tan2012 Education Economics This  s tudy investigates  the economic outcomes  of education for wage earners  in Pakis tan. This  i s  done by analys ing the relationship between school ing, cognitive ski l l s  and abi l i ty, on the one hand, and economic activi ty, occupation, sectora l  choice and earnings , on the other. In Pakis tan, an important question remains  largely unaddressed: what does  the coefficient on 'school ing' in conventional  earning function estimates  measure? Whereas  human capita l  theory holds  that the economic return to an extra  year of school ing measures  productivi ty ga ins  acquired through additional  school ing, the credentia l i s t view argues  that i t represents  a  return to acquired qual i fications  and credentia ls , and a  thi rd view, the s ignal l ing hypothes is , suggests  that i t captures  a  return to native abi l i ty. This  paper seeks  to adjudicate between these theories  us ing data  from a  unique purpose-des igned survey of more than 1000 households  in Pakis tan, col lected in 2007. The paper a lso examines  the shape of the education-earnings  relation1 1

cognition Hal l  M., Farkas  G.Adolescent cognitive ski l l s , atti tudinal/behaviora l  tra i ts  and career wages2011 Socia l  Forces We use panel  data  from the National  Longitudinal  Survey of Youth (NLSY79) to estimate the effects  of cognitive ski l l s  (measured by the Armed Forces  Qual i fication Test) and atti tudinal/behaviora l  tra i ts  (a  latent factor based on sel f-reported sel f-esteem, locus  of control , educational  aspirations  and educational  expectations) on career wage tra jectories  of white, black and Latino/a  men and women. We find that both cognitive and atti tudinal/behaviora l  tra i ts  affect ini tia l  wages  and wage growth, above and beyond their effects  on school ing and transcript-reported high school  grades . The relative s ize of these effects , however, varies  by race/ethnici ty. We a lso show that black and Latino men, and black women have substantia l ly flatter wage tra jectories  than white men and women. Us ing wage decompos ition techniques , we find that the lower wages  of these groups  are partia l ly, but not ful ly, accounted for by group di fferences  in cognitive ski l l  and atti tudinal/behaviora l  tra i ts . © The Univers i ty of North Carol ina.1 1

cognition Lindqvis t E., Vestman R.The labor market returns  to cognitive and noncognitive abi l i ty: Evidence from the swedish enl is tment2011 American Economic Journal : Appl ied EconomicsWe use data  from the Swedish mi l i tary enl is tment to assess  the importance of cognitive and noncognitive abi l i ty for labor market outcomes. The measure of noncognitive abi l i ty i s  based on a  personal  interview conducted by a  psychologis t. We find s trong evidence that men who fare poorly in the labor market-in the sense of unemployment or low annual  earnings-lack noncognitive rather than cognitive abi l i ty. However, cognitive abi l i ty i s  a  s tronger predictor of wages  for ski l led workers  and of earnings  above the median.1 1

cognition Hartog J., Van Praag M., Van Der Sluis  J.If You Are So Smart, Why Aren't You an Entrepreneur? Returns  to Cognitive and Socia l  Abi l i ty: Entrepreneurs  Versus  Employees2010 Journal  of Economics  and Management StrategyHow valuable are cognitive and socia l  abi l i ties  for entrepreneurs ' relative to employees ' earnings? We answer three questions : (1) To what extent does  a  compos ite measure of abi l i ty affect an entrepreneur's  earnings  relative to wages  earned by employees? (2) Do di fferent cognitive abi l i ties  (e.g., math abi l i ty, language, or verbal  abi l i ty) and socia l  abi l i ty affect earnings  of entrepreneurs  and employees  di fferently?, and (3) Does  the balance in these measured abi l i ty levels  affect an individual 's  earnings? Our (di fference-of-di fference) estimates  of the returns  to abi l i ty for spel ls  in entrepreneurship versus  wage employment account for selectivi ty into entrepreneuria l  pos i tions  insofar as  they are determined by fixed individual  characteris tics . Our robust results  provide the fol lowing answers  to the three questions : Genera l  abi l i ty has  a  s tronger impact on entrepreneuria l  incomes  than on wages . Moreover, entrepreneurs  and employees  benefi t from di fferent sets  of speci fic abi l i ties : verbal  and clerica l  abi l i1 1

cognition Jones  G., Schneider W.J.IQ in the production function: Evidence from immigrant earnings2010 Economic Inquiry We show that a  country's  average IQ score i s  a  useful  predictor of the wages  that immigrants  from that country earn in the United States , whether or not one adjusts  for immigrant education. Just as  in numerous  microeconomic s tudies , 1 IQ point predicts  1% higher wages , suggesting that IQ tests  capture an important di fference in cross -country worker productivi ty. In a  cross -country development accounting exercise, about one-s ixth of the global  inequal i ty in log income can be expla ined by the effect of large, pers is tent di fferences  in national  average IQ on the private margina l  product of labor. This  suggests  that cognitive ski l l s  matter more for groups  than for individuals . (JEL J24, J61, O47). © 2009 Western Economic Association International .1 1 1

cognition Heineck G., Anger S.The returns  to cognitive abi l i ties  and personal i ty tra i ts  in Germany2010 Labour Economics We provide the fi rs t joint evidence on the relationship between individuals ' cognitive abi l i ties , their personal i ty and earnings  for Germany. Us ing data  from the German Socio-Economic Panel  Study, we employ scores  from an ul tra-short IQ-test and a  set of measures  of personal i ty tra i ts , namely locus  of control , reciproci ty and a l l  bas ic i tems from the Five Factor Personal i ty Inventory. Our estimates  suggest a  pos i tive effect of so-ca l led fluid intel l igence or speed of cognition on males ' wages  only. Findings  for personal i ty tra i ts  are more heterogeneous . However, there i s  a  robust wage penalty for an external  locus  of control  for both men and women. © 2009 Elsevier B.V.1 1

cognition Anger S., Heineck G.Cognitive abi l i ties  and earnings  - fi rs t evidence for Germany2010 Appl ied Economics  LettersWe provide fi rs t evidence on the relationship between cognitive abi l i ties  and earnings  in Germany us ing data  from the German Socio-Economic Panel  (SOEP) Study. The estimates  suggest that mechanics  abi l i ties  are pos i tively related to wages  of West German workers , even when educational  atta inment i s  control led for. Pragmatics  of cognition are not related to earnings . In l ine with s tudies  for other countries , we find that abi l i ty and education are inseparable determinants  of earnings . © 2010 Taylor & Francis .1 1

cognition Field E., Robles  O., Torero M.Iodine deficiency and school ing atta inment in Tanzania 2009 American Economic Journal : Appl ied EconomicsCognitive damage from iodine deficiency disorders  (IDD) has  important impl ications  for economic growth through i ts  effect on human capita l . To gauge the magnitude of this  influence, we evaluate the impact on school ing of reductions  in IDD from intens ive iodine supplementation in Tanzania . Our findings  suggest a  large effect of in utero iodine on cognition and human capita l : treated chi ldren atta in an estimated 0.35-0.56 years  of additional  school ing relative to s ibl ings  and older and younger peers . Furthermore, the effect appears  to be substantia l ly larger for gi rl s , cons is tent with laboratory evidence indicating greater cognitive sens i tivi ty of femalefetuses  to maternal  thyroid deprivation.1 1 1

cognition McGurk S.R., Mueser K.T., Pascaris  A.Cognitive tra ining and supported employment for persons  with severe mental  i l lness : One-year results  from a  randomized control led tria l2005 Schizophrenia  Bul letinThis  s tudy examined the effectiveness  of cognitive tra ining (the Thinking Ski l l s  for Work Program) for improving competi tive employment outcomes  in persons  with severe mental  i l lness  who have a  his tory of job fa i lure. Forty-four cl ients  receiving services  at 2 inner-ci ty community mental  health agencies  were randomly ass igned (within each s i te) to receive ei ther cognitive tra ining and supported employment (CT + SE) or supported employment only (SE Only). Retention in the CT + SE program was  high (91%). Basel ine to 3-month assessments  showed s igni ficantly greater improvements  in neurocognitive functioning, depress ion, and autis tic preoccupation on the Pos i tive and Negative Syndrome Sca le for the CT + SE set compared to the SE Only group. Employment outcomes  over 1 year showed that cl ients  who received CT + SE were s igni ficantly more l ikely to work (69.6 versus  4.8%, respectively), worked more jobs , worked more hours , and earned more wages  than cl ients  with SE Only. The findings  provide support for the feas ibi l1 1

cognition Goodman A., Sianes i  B.Early education and chi ldren's  outcomes: How long do the impacts  las t?2005 Fisca l  Studies We evaluate the effects  of undergoing any early education (before the compulsory s tarting age of 5) and of pre-school  on a  cohort of Bri ti sh chi ldren born in 1958. In contrast to most ava i lable s tudies , we are able to assess  whether any effects  on cognition and socia l i sation are long-lasting, as  wel l  as  to estimate their net impact on subsequent educational  atta inment and labour market performance. Control l ing for a  particularly rich set of chi ld, parenta l , fami ly and neighbourhood characteris tics , we find some pos i tive and long-lasting effects  from early education. Speci fica l ly, pre-compulsory education (pre-school  or school  entry prior to age 5) was  found to yield large improvements  in cognitive tests  at age 7, which, though diminished in s ize, remained s igni ficant throughout the school ing years , up to age 16. By contrast, attendance of pre-school  (nursery or playgroup) was  found to yield a  pos i tive but short-l ived impact on test scores . The effects  on socia l i sation appear to be more mixed: we found some po1 1

cognition Tyler J.H. Bas ic ski l l s  and the earnings  of dropouts 2004 Economics  of Education ReviewThis  paper tests  the extent to which the accumulation of bas ic cognitive ski l l s , as  measured by a  post-school ing math test, matter for young dropouts  entering today's  labor market. Based on a  sample of dropouts  who were age 16-18 when adminis tered a  math test in the late 1990s , estimates  indicate that a  s tandard deviation increase in the test score i s  associated with 6.5% higher average earnings  over the fi rs t 3 years  in the labor market. These results  are the fi rs t di rect evidence that young dropouts  in today's  economy are not relegated to jobs  where bas ic cognitive ski l l s  are not rewarded, and they s tress  the importance of ski l l  acquis i tion for s tudents  who may eventual ly drop out. © 2003 Elsevier Ltd. Al l  rights  reserved.1 1

cognition Mitra  A. Mathematics  ski l l  and male-female wages 2002 Journal  of Socio-EconomicsUs ing data  from the National  Longitudinal  Survey of Youth (NLSY; 1993), this  paper analyzes  the extent ofwage di fferentia ls  between men and women and the impact of mathematics  and verbal  ski l l s  on the wages  of men and women across  di fferent levels  of education and occupations . The results  show that mathematics  ski l l s  lead to s igni ficant wage premiums across  a l l  groups  of workers . Separate analyses  by gender show that women with superior mathematics  ski l l  experience wage ga ins  that are comparable to or higher than the wage premiums enjoyed by men. Al though women earn s igni ficantly lower wages  than men do across  a l l  levels  of education and occupational  categories , the gender wage gap is  not s igni ficant among profess ional  men and women with above-average mathematics  ski l l s . One way of reducing the gender wage gap would be to encourage gi rl s  to invest more in high school  mathematics  courses  in order to improve their quanti tative ski l l s . © 2002 Elsevier Science Inc. Al l  rights  reserved.1 1

cognition Cawley J., Heckman J., Vytlaci l  E.Three observations  on wages  and measured cognitive abi l i ty2001 Labour Economics This  paper summarizes  our recent research on the relationship between wages  and measured cognitive abi l i ty. In i t, we make three main points . Fi rs t, we find that wage payment by abi l i ty does  vary across  race and gender in the US, and that the fraction of wage variance expla ined by cognitive abi l i ty i s  modest. Second, measured cognitive abi l i ty and school ing are so highly correlated that one cannot separate their effects  without impos ing s trong, arbi trary parametric s tructure in estimation which, when tested, i s  rejected by the data. Third, control l ing for cognitive abi l i ty, personal i ty tra i ts  (socia l i zation ski l l s ) are correlated with earnings , a l though they primari ly operate through school ing atta inment. © 2001 Elsevier Science B.V.1 1 1

cognition Mitra  A. Cognitive ski l l s  and Black-White wages  in the United States  labor market2000 Journal  of Socio-EconomicsUs ing data  from the National  Longitudinal  Survey of Youth (NLSY), this  s tudy analyzes  the effects  of cognitive ski l l s  on the wages  of Whites  and African Americans  in white and blue col lar occupations . The results  show that cognitive ski l l s , net of education, are important predictors  of wages  across  a l l  occupations . Mathematics  ski l l s , in particular contribute to s igni ficant wage premiums for workers  in white and blue-col lar occupations , with the exception of Blacks  in blue-col lar profess ions . Engl i sh ski l l s  lead to s igni ficant wage premiums only for Blacks  in blue-col lar occupations . Whi le the incorporation of cognitive ski l l s  narrows  the Black-White wage gap cons iderably, the effects  of ski l l s  on the wages  of Blacks  and Whites  are far from uni form. The results  a lso show that despite us ing deta i led controls  for the qual i ty of education, an extra  year of school ing yields  the highest wage premium for Whites  in a l l  occupations . © 2000 Elsevier Science Inc.1 1

cognition Goldsmith A.H., Dari ty Jr. W., Veum J.R.Race, cognitive ski l l s , psychologica l  capita l  and wages 1998 Review of Black Pol i tica l  EconomyThe Thernstroms have chal lenged the long establ ished "styl i zed fact" that blacks  earn less  than otherwise comparable whites . They argue that research that neglects  the influence of cognitive abi l i ty on wage is  respons ible for this  finding. In the Thernstrom's  view, research that adopts  an appropriate speci fication for the wage equation demonstrates  that black workers  are pa id as  comparable white employees . This  article casts  doubt on the va l idi ty of the Thernstrom's  cla im. The authors  find that when psychologica l  capita l  i s  included in a  model  of wage determination, blacks  earned s igni ficantly less  than otherwise comparable white workers .1 1

cognition Farkas  G., England P., Vicknair K., Ki lbourne B.S.Cognitive ski l l , ski l l  demands  of jobs , and earnings  among young European American, African American, and Mexican American workers1997 Socia l  Forces Do the cognitive ski l l s  possessed by an individual  affect access  to more cognitively demanding occupations  and hence to the associated higher earnings? To what extent do di fferences  between African Americans , U.S.-born Mexican Americans , and European Americans  (Whites ) in average cognitive ski l l s  account for the lower-ski l led jobs  and lower earnings  of African Americans  and Mexican Americans? From analyses  of 1991 National  Longitudinal  Survey (NLSY) data  for s ix groups  defined by ethnici ty and gender, we found that individual  cognitive ski l l  level  (as  assessed by s tandardized test scores) affects  access  to occupations  requiring more cognitive ski l l , and affects  wages  levels , even when control l ing for education, work experience, and other factors . Most of the effect of cognitive ski l l s  on earnings  i s  di rect; a  smal ler portion is  indirect, through access  to occupations  requiring more cognitive ski l l . The lower average cognitive ski l l  levels  for African Americans  and Mexican Americans  expla in a  substantia l  propo1 1 1
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Document the Screening Process (1/2)

Systematically documenting your search and screening process helps to increase 

transparency around research methods and confidence in the findings you present. 

However, rigorous documentation may not be appropriate for all literature reviews. 

Consider the intended use of your review when determining how rigorous your 

documentation should be.

1. When feasible (if using Scopus or other databases that allow you to export 

search results to a spreadsheet, or if the quantity of search results is small), 

record all results of your searches in a spreadsheet. This enables you to go back 

and include sources if your research scope changes, or explain your 

inclusion/exclusion decisions to others. 

2. If you cannot export your results, only enter documents into your spreadsheet if 

they meet your screening criteria from an initial review of title and abstract.

3. Your spreadsheet should include basic information about the results (i.e., 

citation information), the abstract (if possible), a hyperlink, and one column for 

each screening criterion.

a. This saves time in searching for citations/links later, and allows you to code your 
initial descriptive information and screening questions as you review documents. 

b. For each source, code Yes, No, or “not specified” for each screening criterion. If it 
is not clear from the title and abstract whether a source meets your screening 
criteria, you might code a “?” in the appropriate cell.

c. If a document is clearly not relevant by any criteria, you do not need to code the 
remaining criteria.



Document the Screening Process (2/2)

4. You may also wish to code some initial descriptive information about your 

search results at this stage, in case you want to further refine your results, for 

example by geography or by study methodology.

a. This would allow you to prioritize a subset of your relevant search results for 
review, if your sample of relevant results becomes too big.

5. At the end of your search process, you should have a spreadsheet with 

information on each search result from your various searches. You should also 

have columns coded with information on each screening criteria for your search 

results. This spreadsheet will serve as the basis for identifying the sample of 

studies for your review.

• Make sure your spreadsheet includes information on the source (author, title, 

year, publication), the search process used to ID the source (database, search 

string, date), and the screening criteria.

• In some cases it will be appropriate to code the reasons for excluding sources 

that are not clearly irrelevant (e.g., “relevant but not empirical”).

– The level of detail in coding excluded papers depends on the aim of the review—

in a review of empirical papers on yam diseases, if you want to be able to say “of 

the 186 papers published on the topic of yam diseases since 2010, 27 papers used 

empirical data” then you need a record of both empirical studies (the focus of the 

review) and non-empirical studies (not the focus, but relevant background). A 

screening spreadsheet allows you to track this information.

Search Results Tracking Template

2. Literature Review/Search Results and Screening Template.xlsx


Confirm the Sample of Studies for Review (1/2)

Before proceeding to the review of your studies, you must first confirm the sample 

of studies for your review. The goals in confirming the sample of studies are to: 

• consider modifications or refinements of your research question(s) and scope 

based on the studies available;

• confirm the relevance of literature that initially appeared relevant from looking at 

the title and abstract but might be excluded upon further scrutiny; and

• identify gaps in the sample of studies to target with supplemental searches; 

1. Consider whether you want to apply different or additional screening criteria to 

your studies.

a. This is particularly important if you have identified more relevant studies than 
you will be able to review. For example, you may choose to further screen for 
type of study, to note if studies are quasi-experimental or experimental.

2. For all search results that initially appeared relevant from looking at the 

title/abstract, confirm they are relevant by briefly scanning the full text and 

conducting a second screening, including any additional screening criteria.

3. Note changes to whether a given study meets the screening criteria in the 

screening spreadsheet by changing the coding for the relevant criteria. 

a. Keep results that are no longer relevant in the spreadsheet so you can confirm 
you screened them; code them as “No” for meeting screening criteria. 



Confirm the Sample of Studies for Review (2/2)

4. Determine whether there are any gaps aspects of your research question(s) or 

scope that are not addressed by the results you have identified. Consider 

conducting supplemental searches to target these gaps. 

5. If you coded additional descriptive information about your search results during 

the screening phase, consider whether you will prioritize your review according 

to any of that info. This process of narrowing your sample for review is only 

necessary if a large number of results are relevant based on the initial screening 

criteria.

a. So, if you have 150 results, you might restrict your review to only quasi-experimental 
and experimental results, to have a more manageable and higher-quality sample.

b. Common prioritization criteria include year of publication (i.e., filtering out old papers); 
number of citations; study methodology (i.e. experimental, quasi-experimental, etc.); or 
focus on subpopulations of interest (i.e., by geography, gender, income level, age). 

c. Be sure if you narrow to a subpopulation that you don’t discard information from the 
broader group that helps construct a comparative. If you find studies reporting 
outcomes for youth, for example, and there are no studies reporting outcomes for 
adults included in your evidence, the findings from are specific to youth and not more 
broadly generalizable. 

EPAR Technical Report #293: The research question states that we are analyzing morbidity’s 
“impact on” growth, rather than morbidity’s “association with” growth. We therefore prioritize 
evidence from experimental studies (e.g., randomized controlled trials) and large-N analyses. 

EPAR Technical Report #359: We conducted supplementary searches using Google Scholar to 
identify additional literature on universal basic income using the terms “universal basic income” 
and UBI, as only two studies in our initial sample discussed this type of cash transfer program.



Check Point

At this point, after completing your searches and screening them for 

relevance, you should have the following:

– A complete search results and screening spreadsheet listing the 

documents that met or did not meet the screening criteria, with coding 

to indicate what sample of studies you will be reviewing

– A document or separate spreadsheet tab summarizing all searches and 

their results

– A folder with PDFs for your sample of studies

If you have all three, you are ready to begin developing your review 

framework and coding the literature gathered. 



Develop Review Framework 
and Code
The next part of a literature review involves developing a review framework to 
organize the information you want to retrieve from your sample of studies, and 
systematically reviewing and coding the relevant information for analysis.

Develop  Literature  Review  Framework
Create a framework for organizing relevant information in your literature review, based in theory and 

structured to facilitate your analysis and answer different aspects of your research question(s)

Set  Up  a  Coding  Spreadsheet  Based  on  Literature  Review  Framework
Create a spreadsheet for systematically recording information from the evidence base according to your 

literature review coding framework; this process (1) ensures you do not miss information relevant to 
answering your research question(s), and (2) organizes information from the relevant literature in a way that 

makes it easy to conduct analyses and write up results 

Code  Information  from  Body  of  Evidence
Systematically read through your body of evidence and enter relevant information into the appropriate 

sections of your coding spreadsheet

Review  Coding
Consider modifications to the coding spreadsheet to better answer research questions; conduct intermediate 
reviews of coding decisions to ensure consistency (particularly for group work, but can also apply to reviews 

conducted by a single person if the understanding of how to best code changes over the course of the review)



Develop Literature Review Framework (1/5)

The goal of developing a literature review framework is to outline and organize the 

key information that is relevant to your literature review, based in theory and 

structured to facilitate your analysis and answer different aspects of your research 

question(s). Developing a review framework makes the research question, goals, and 

causal pathways explicit. This is particularly important if the literature review aims to 

answer “why” certain outcomes are observed or to explain differences in outcomes across 

contexts or studies. 

What is a literature review framework?

• An outline of the types of information you want to be able to pull out of the 

literature you review

• An organizational tool to facilitate review and analysis

Usually, an initial review framework is developed prior to the literature search and 

screening, based on theoretical expectations and preliminary searches. The framework can 

be refined during the review as we identify new, relevant information that would be 

valuable to include in analysis.

It can be helpful to organize your review framework into a bulleted outline that includes all of 

the information you will seek to draw out of the literature. You may not find evidence on 

everything in your review framework, but that does not mean you should not look for it. 

Remember that finding no evidence on a particular point is itself a finding!



Develop Literature Review Framework (2/5)

1. Using your research question/scope and the information you noted during your 

preliminary searches, develop a framework to organize your review. 

a. Break your question down into its component questions and hypotheses. 

b. Draw on existing theories that link activities or interventions to outcomes. 

c. Think critically about what you want to be able to say in your review, and how you 

want to be able to analyze your information:

i. Is it important to analyze by geography? By particular intervention 

characteristics? By study quality? By category of outcome (e.g., general 

health, reproductive health, and nutritional health outcomes)?

ii. Be specific in what information will be useful to retrieve from the literature, 

and include it in your framework.

d. Organize your review framework into relevant categories.

i. For example: study characteristics, intervention characteristics, population 

characteristics, and findings by outcome area.

2. (Optional) This is a good time to check-in with clients or others (your audience, 

relevant faculty, or outside experts) to get feedback and ensure your proposed 

review framework is appropriate: 

a. Have you covered key hypotheses and assumptions to test?

b. Have you included key characteristics of interest to answer the different aspects 

of your research question?

c. Is your review framework organized in a way that will facilitate analysis?



Develop Literature Review Framework (3/5)

Selection from example review framework 

(abbreviated): EPAR Technical Report #359

• Review framework organized to collect 

information from each document.

• First record document information.

• Then record information on geographies of 

the cash transfer programs included in the 

reviews.

• Next record information on the methods of 

the reviews.

• Finally start collecting information on the 

findings of the reviews.

The framework is organized to allow 

comparison and analysis across reviews, 

geographies, and outcomes.

https://evans.uw.edu/policy-impact/epar/research/review-long-term-impacts-cash-transfer-programs


Develop Literature Review Framework (4/5)

Example of theoretical grounding for review framework from EPAR Technical Report #293:

The causal pathways from morbidity to economic growth are fundamentally through disease or 

disability reducing productivity (lost income, or compromised physical or cognitive inputs that 

decrease firm outputs) or expenditures diverted from investment to health care. These 

pathways are theorized via three different avenues (individual/HH-level, firm-level, and 

economy-level) and pictured below. See the full report for more detail about each pathway.  

https://evans.uw.edu/policy-impact/epar/research/morbidity-and-economic-growth


Develop Literature Review Framework (5/5)

Example of theoretical grounding for review framework from EPAR Technical Report #293:

For example, child morbidity may result in greater school absenteeism and reduced 

educational attainment, resulting in lower adult productivity with implications for reduced 

household income. This pathway might further draw a connection from lower adult 

productivity to reduced economic output and lower economic growth, at the economy-level.

The review framework for our review of morbidity to economic growth includes both the 

measures of morbidity and economic growth used in our sample of studies, as well as the 

various pathways identified. We included each measure and pathway in our review framework, 

to be able to code yes or no for whether each study discussed that measure or pathway.

https://evans.uw.edu/policy-impact/epar/research/morbidity-and-economic-growth


Set Up a Coding Spreadsheet Based on Literature Review Framework (1/4)

After we have identified our sample of studies to review, we create a spreadsheet for 

systematically recording information from the studies according to the review 

framework. The goals of creating a coding spreadsheet are to (1) ensure you do not miss 

information relevant to answering the research question(s), and (2) organize information 

from the sample of studies in a way that makes it easy to conduct analyses and write up 

results. 

1. Begin by creating a coding spreadsheet. Using the columns from your search and 

screening spreadsheet, save a new version with a new title.

a. Delete duplicates and documents that do not meet screening criteria – only your 
final sample of studies should be retained.

2. Add the following columns (if not already created in screening spreadsheet):

a. General information about the documents – e.g., citation, year, whether or not it 
has been peer-reviewed

b. Screening criteria 

c. Information about the methodology of the study (if appropriate) – e.g., 
country/countries, years studied, hypothesis, independent and dependent 
variables, control group, type of experiment, etc. 

i. For empirical studies, you may want to note the sample size, representation, 
sampling and study methodology, unit of analysis, etc. Also note any 
assumptions that the authors made that could change a reader’s interpretation 
of the results (e.g., “we assumed that differential rates of ARV adoption did not 
affect deaths from earlier HIV/AIDS cases”).



Set Up a Coding Spreadsheet Based on Literature Review Framework (2/4)

d. Add the components from your literature review framework. 

i. Group sub-topics by theme, e.g. study descriptors, characteristics of an 

intervention/policy, outcome measures, etc. 

ii. For each element of your framework, add a column to your spreadsheet 

asking a question related to that element. For example, “does the 

document include information about X? (Y/N)”, “What type of impact does 

the intervention have on Y outcome? (positive, negative, mixed, not 

significant, not specified)”. 

• Wording questions as Yes/No or categorical options will make it 

easier for you to code and analyze your information. 

• When questions are phrased to solicit categorical responses, 

specify the categories beforehand so that coding is consistent.

iii. For each coding question, include an adjacent “describe” column where 

you can include a qualitative description for the coding decision. 

Example from EPAR Technical Report #293: 
The coding spreadsheet columns separate distinctions in the measures of morbidity and 
economic growth used in the study. So, each measure (life-expectancy, stunting, etc.) has a 
different column, grouped under “morbidity measures” and is coded according to indicator:  
• Measures of morbidity include direct measures (e.g., life expectancy, self-reported health), disability 

adjusted health metrics, nutritional measures, and cognition
• Measures of economic impact includes GDP or GNP measures, household income or average income, 

FDI, wages, productivity, absenteeism, employment, savings, and education/human capital

Other columns distinguish the level of pathway discussed in the study (individual/household, firm, 
economy-wide) and the pathway developed in the review framework (e.g. wages, absenteeism).   

https://evans.uw.edu/policy-impact/epar/research/morbidity-and-economic-growth


Set Up a Coding Spreadsheet Based on Literature Review Framework (3/4)

• The qualitative descriptions should be succinct but include any information 

necessary for interpreting and justifying the coding decision. 

– Think about what information may be useful in writing the technical report (e.g., if 

you are including a quote, specify the page number). 

• Color code categories of questions for ease of reference (e.g., you may have a set 

of questions describing components of interventions, a set describing study 

populations, and a set describing study outcomes).

• Think about how you will use the spreadsheet for analysis (e.g., whether you 

want to create pivot tables) and structure it accordingly – for example, structure 

a column with categorical variables and then a subsequent “describe” column to 

include any relevant description or qualitative information. 

• You may not know upfront what coding structure will work best – make it as good 

as possible at the outset, but be open to revising it. 

• Overall, you want to be able to state confidently that you collected all the 

relevant studies and reviewed them to collect relevant information in a 

consistent way.



Set Up a Coding Spreadsheet Based on Literature Review Framework (4/4)

Example coding spreadsheet (abbreviated) for EPAR Technical Report #359:

https://evans.uw.edu/policy-impact/epar/research/review-long-term-impacts-cash-transfer-programs


Code Information from Body of Evidence (1/6)

The goal during coding is to systematically read through your sample of studies and 

enter relevant information into the appropriate sections of your coding spreadsheet, 

such that you have confidence that you have captured all the relevant evidence in 

the same way across your sample.

1. Read each study in your sample. 

2. As you read, apply the coding framework:

a. Consider each column and how the source does (or does not) address it.

i. When you first code, flag areas where the coding framework doesn’t fit. 

ii. After coding a few studies, consider whether you should adjust the coding 
framework to better fit the data. If you are working in a group, make sure 
to discuss and align around these decisions. 

b. If a Yes/No coding question is not addressed in a given document, code “not 
specified” or leave the cell blank as opposed to coding “No”. 

i. This allows more accuracy in descriptions and analysis of the studies. If 10 
of 50 documents report positive impacts on women’s empowerment, it 
does not mean that the other 40 report non-positive impacts. Ten may 
report negative or not significant impacts, with the other 30 not reporting 
on this outcome area.



Code Information from Body of Evidence (2/6)

3. As you code, record your rationale for decisions in the “describe” columns (see 

EPAR Technical Report #351 Results Coding for an example – columns BD-BE): 

a. For subjective measures, include evidence that informs your coding decision 
directly in the spreadsheet. Listing rationale in an extra column ensures 
consistency when you have more than one coder. 

b. If the justifications for coding include distinguishable subgroups, you might add 
specific coding questions about them. For example, a question about whether 
digital products are combined with other digital financial services (DFS) may be 
divided into two questions: DFS digital services and DFS non-digital services. 

c. “Describe” columns provide useful qualitative information that can be used to 
supplement tables and figures in the analysis and in writing up findings from the 
literature review. Recording page numbers for direct quotes can help in 
incorporating information from the describe columns.

Example coding (column heading followed by what is entered in the cell for that study/row): 
• “Number of countries included in the study”: 1
• “Country (specify country name, or “multiple” if more than one)”: Tanzania 

• An associated “Describe” column could include the names of multiple countries 
when there are more than one, or information about the included country, such 
as “Rural areas in Northern Zone and Lake Zone only”.

• “Sub-Saharan Africa? Y/N”: Y
• “Impact on nutrition (positive, negative, mixed, not significant)”: positive

• An associated “Describe” column would include more detail, such as “.3% 
increase in school absences associated with 1% decrease in measures of wasting”

https://evans.uw.edu/policy-impact/epar/research/review-digital-credit-products-and-regulations


Code Information from Body of Evidence (3/6)

4. If you are working with a group of coders, calibrate with your group:

a. Once you have each coded several sources (~5), convene to discuss the process 
and ensure everyone is coding consistently. 

b. Make sure your coding follows the same format for each question, to allow for 
analysis with pivot tables (i.e., entering the same words – Yes/No/Mixed – into the 
cell or the same numbers – 0s and 1s).

c. Make sure everyone is following the same reasoning for coding, and is evaluating 
the sources according to the same standards.

d. Determine whether or not the coding questions you selected are useful and 
sufficient: are there questions to add, or questions you want to reframe?

e. Make sure the coding options are consistent: what options might you add to 
Yes/No? In some cases, unclear, mixed, or somewhat are all viable options. 

Examples: We usually code one study per row (as in the review morbidity and economic growth), 

but if we want to compare across countries, programs, or products, for example, we may 

aggregate information from multiple studies discussing a given country, program, or product 

into a single row. For example, the coding spreadsheet for EPAR’s review of land tenure 

technologies (EPAR Technical Report #357) aggregates information from multiple studies into 

rows where the unit of analysis was a specific technology, and the coding spreadsheet for 

EPAR’s review of digital financial services consumer protection regulations in developing 
countries (EPAR Technical Report #324) aggregates information from multiple studies into rows 

where the unit of analysis was an individual country. The coding spreadsheets for each of these 
projects are available on the respective project webpages.

https://evans.uw.edu/policy-impact/epar/research/review-land-tenure-technologies-and-indicators
https://evans.uw.edu/policy-impact/epar/research/review-digital-financial-services-consumer-protection-regulations


Code Information from Body of Evidence (4/6)

Example of coding at the country level (abbreviated) for EPAR Technical Report #324: 

We collected information from multiple sources to analyze digital financial services regulations 

across selected low- and middle-income countries. In each row, we coded information from 

multiple sources as they applied to the coding question, and noted the source of the info in the 

“describe” columns. The sources are also recorded in the “references” column.

https://evans.uw.edu/policy-impact/epar/research/review-digital-financial-services-consumer-protection-regulations


Code Information from Body of Evidence (5/6)

• Due to length or time, you may not be able to read every single source in its 

entirety. Use “Ctrl+F” to search for key words (may differ by the column in the 

spreadsheet that you are considering) and read the surrounding sections. 

– Pay particular attention to the abstract, methods, and discussion sections. The 

introduction and background may provide context as well.

• Look for different ways to think about the questions you’ve asked. A variable 

that you previously interpreted as Yes/No may have grey area. Consider breaking 

one ambiguous coding question into several specific questions.

– E.g., you may originally include a Y/N column for the question, “Are there caps on 

cash-in cash-out?” As you code, you realize that caps might be on transaction 

amounts or account balances. Break this out into two separate Y/N questions and 

include a description of the cap in the “Describe” column.  

• If you find relevant information that does not neatly fit into your coding 

spreadsheet, think about changing an existing coding question or adding a new 

coding question. The coding spreadsheet is a tool to organize the relevant 

evidence, and should not hinder you in accurately collecting that evidence.

• If working in group, communicate frequently! Discuss changes to the coding 

spreadsheet with your fellow coders to ensure you make the same changes to all 

versions of the spreadsheet.



Code Information from Body of Evidence (6/6)

Example of coding (abbreviated) for EPAR Technical Report #293:

We first captured basic document characteristics such as the author(s), title, abstract, 

geography, research design (experimental and quasi-experimental studies, meta-analyses and 

systematic reviews), etc. The spreadsheet further included information for each study on 

measures of morbidity and measures of economic impact, as outlined in the review framework, 

with yes/no entries coded as 1/0 to facilitate analysis with pivot tables and adjacent cells to 

provide qualitative descriptions (not shown in the above figure). Finally, for each study, we 

coded information on the specific pathways analyzed as connecting morbidity to economic 

growth. The full coding spreadsheet is available on our website.

MEASURES OF MORBIDITY MEASURES OF ECONOMIC IMPACT GEOGRAPHY

Direct Measures

Keyword Authors Title

Disease-specific 

(what disease?)

Disease-specific 

(/1)

GDP or GNP 

measures

Household 

income or 

average income Wages

Productivity, 

absenteeism, 

employment, etc Other (specify) Where? (Geography/Country)

comorbidi ty Libby A.M., Ghushchyan V., McQueen R.B., Slejko J.F., Ba inbridge J.L., Campbel l  J.D.Economic di fferences  in direct and indirect costs  between people with epi lepsy and without epi lepsyepi lepsy 1 1 1 United States

comorbidi ty Jung D., Bhattacharyya N.Association of hearing loss  with decreased employment and income among adults  in the United Stateshearing loss 1 1 United States

comorbidi ty Kruse M., Saetterstrm B., Bonlokke J., Bronnum-Hansen H., Flachs  E.M., Sorensen J.Particulate emiss ions : Health effects  and labour market consequencespol lution-related diseases 1 1 Denmark

comorbidi ty Fu A.Z., Chen L., Sul l ivan S.D., Chris tiansen N.P.Absenteeism and short-term disabi l i ty associated with breast cancerbreast cancer 1 1 United States

comorbidi ty Sul l ivan P.W., Ghushchyan V., Huang X.-Y., Globe D.R.Influence of rheumatoid arthri tis  on employment, function, and productivi ty in a  national ly representative sample in the United States

rheumatoid 

arthri tis 1 1 1 United States

comorbidi ty Fu A.Z., Qiu Y., Radican L., Wel ls  B.J.Health care and productivi ty costs  associated with diabetic patients  with macrovascular comorbid conditionsdiabetes 1 1 United States

comorbidi ty Jofre-Bonet M., Busch S.H., Fa lba  T.A., Sindelar J.L.Poor mental  health and smoking: Interactive impact on wages 1 United States

comorbidi ty Bel l  B., Chalkl in L., Mi l l s  M., Browne G., Steiner M., Roberts  J., Gafni  A., Byrne C., Wal l ik D., Kraemer J., Webb M., Jamieson E., Whittaker S., Dunn E.Burden of dysthymia  and comorbid i l lness  in adults  in a  Canadian primary care setting: High rates  of psychiatric i l lness  in the offspringdysthymia 1 1 Canada

comorbidi ty Birnbaum H.G., Berger W.E., Greenberg P.E., Hol land M., Auerbach R., Atkins  K.M., Wanke L.A.Direct and indirect costs  of asthma to an employer asthma 1 1 United States

Disabi l i ty Adjusted Li fe Years  DALYRao P.S., Darlong F., Timothy M., Kumar S., Abraham S., Kurian R.Disabi l i ty adjusted working l i fe years  (DAWLYs) of leprosy affected persons  in India .leprosy 1 1 1 India

Disabi l i ty Adjusted Li fe Years  DALYSharieff W., Horton S.E., Zlotkin S.Economic ga ins  of a  home forti fication program: Evaluation of "Sprinkles" from the provider's  perspective

anemia, 

diarrhea 1 1 Pakis tan

HIV Marinescu I. HIV, wages , and the ski l l  premium HIV/AIDS 1 1 sub-Saharan Africa

HIV Chicoine L. AIDS mortal i ty and i ts  effect on the labor market: Evidence from South AfricaHIV/AIDS 1 1 1 South Africa

HIV Olang'O C.O., Nyamongo I.K., Nyambedha E.O.Chi ldren as  caregivers  of older relatives  l iving with HIV and AIDS in Nyang'oma divis ion of western KenyaHIV/AIDS 1 Kenya

HIV Pennap G.R.I., Chaanda M., Ezi rike L.A review of the impact of HIV/AIDS on education, the workforce and workplace: The African experienceHIV/AIDS 1 1 fi rm costs multiple countries  in Africa

HIV Col l ins  D.L., Leibbrandt M.The financia l  impact of HIV/AIDS on poor households  in South AfricaHIV/AIDS 1 1 HH costs South Africa

HIV Dorward A.R., Mwale I., Tuseo R.Labor market and wage impacts  of HIV/AIDS in rura l  MalawiHIV/AIDS 1 1 Malawi

HIV Rosen S., Vincent J.R., MacLeod W., Fox M., Thea D.M., Simon J.L.The cost of HIV/AIDS to bus inesses  in southern AfricaHIV/AIDS 1 1 fi rm costs multiple countries  in Africa

HIV Rosen S., Simon J., Vincent J.R., MacLeod W., Fox M., Thea D.M.AIDS Is  Your Bus iness HIV/AIDS 1 fi rm costs South Africa , Botswana

HIV Fraser F.K., Grant W.J., Mwanza P., Naidoo V.The impact of HIV/AIDS on smal l  and medium enterprises  in South AfricaHIV/AIDS 1 1 fi rm costs South Africa

https://evans.uw.edu/policy-impact/epar/research/morbidity-and-economic-growth
https://evans.uw.edu/sites/default/files/EPAR 293 Copy of Final Coding _ Morbidity and Growth.xlsx


Review Coding (1/1)

The goals of reviewing your coding are to consider modifications to the coding 

spreadsheet to better answer research question(s), and to ensure consistency in 

coding across studies (particularly for group work, but can also apply to reviews 

conducted by a single person if the understanding of how to best code changes over the 

course of the review).

1. Conduct a quality check of your completed coding spreadsheet—to ensure that 

each question was coded consistently, to standardize the responses, and, if 

useful, to break out particular questions (especially categorical questions) or 

descriptions into new columns.

a. EPAR typically reviews coding column by column to consider whether a given 
category has been coded consistently over time and/or across different coders.  

b. If you are working in a group, divide the work by assigning certain sections of the 
coding spreadsheet to each coder for review.

2. Discuss possible changes to your coding spreadsheet, either as a group or with 

advisers. 

3. Return to the previous step and re-code any necessary information. 



Analyze the Evidence
A coding spreadsheet organizes the information from a literature review into 
tabular form (rows, columns, and cells). This method of organizing the evidence 
from a sample of studies facilitates the final step of a literature review—analysis 
using pivot tables, and the creation of tables and figures to illustrate key findings.

Analyze  Findings
Build pivot tables for analysis; use the spreadsheet and pivot tables to compare trends in outcomes and 

factors of interest across relevant groupings; create figures and tables for your report

Summarize  and  Report  Findings
Use the organization of the literature review framework as a structure for summarizing and presenting 

findings from analysis; identify and report on gaps in the evidence base and in the literature review methods



Analyze the Evidence (1/5)

The goal of analyzing the evidence is to summarize key findings responding to all of 

your research questions, to present tables and figures to illustrate those findings, 

and to identify gaps in the evidence.  

1. Identify the logical sections to analyze. This will depend on the structure of your 

review framework, and should always relate back to the research question(s). 

a. Consider what columns in your spreadsheet you might want to use to sub-divide 

your sample for analysis, and what columns you want to compare across sub-

groups.

2. Use spreadsheet filtering and pivot tables to examine results in your coding 

spreadsheet and begin developing a story.

a. Depending on your research question and data, this could include filtering for 

the count of documents that mention a certain topic, calculating proportions, or 

comparing findings between documents. 

b. Filter relevant columns in the spreadsheet by the information you are interested 

in (use “Sort & Filter” within Editing on the Home tab).

c. Construct pivot tables to help analyze how different columns and rows in your 

spreadsheet relate to one another (select your full spreadsheet of data and click 

“Create Pivot Table” under the Insert tab, making sure to place the Pivot Table on 

a new worksheet within the same workbook).

i. If you have more than one row of column headings, you will need to 

consolidate the headings on a single row to be able to create a pivot chart.



Analyze the Evidence (2/5)

• If you set-up your literature review coding spreadsheet to categorize data in a 

consistent way (i.e.,  0s and 1s or uniform text options, such as Yes, No, 

Sometimes), it will be easy to use your spreadsheet to create pivot tables. 

• To generate and use pivot tables in Excel:

– Select all of your coded data (including headings) and choose “PivotTable” from 

the Insert menu. 

– Click inside the pivot table that is generated (usually on a new sheet) and the 

“PivotTable Fields” dialogue box will appear allowing you to choose your which 

column labels, row labels, cell values, and filters will appear in the pivot table. 

– You can create multiple pivot tales depending on how you want the data 

summarized and displayed. 

– Before creating a pivot table from your raw coding data, make sure you have just 

one row of headings/column labels selected along with your data.

– Additional resources: GCF Intro to Pivot Tables and Microsoft Pivot Table Tutorial

• Once you have created a pivot table, you can simply click on a cell in the table 

and then select the PivotChart option (also under the “Insert” top menu option in 

Excel) and choose from bar or line graphs, pie charts, etc. Once you select your 

graphic and hit “OK”, it will appear on the same spreadsheet tab as the pivot 

table and can be copied and moved to your report (like the bar chart below). 

• Remember to “Refresh” any existing pivot table if you update any data in the 

coding spreadsheet. 

https://www.gcflearnfree.org/excel2016/intro-to-pivottables/1/
https://support.office.com/en-us/article/Create-a-PivotTable-to-analyze-worksheet-data-A9A84538-BFE9-40A9-A8E9-F99134456576


Analyze the Evidence (3/5)

Example of coding spreadsheet and pivot tables (abbreviated) from EPAR Technical Report #359:

https://evans.uw.edu/policy-impact/epar/research/review-long-term-impacts-cash-transfer-programs


Analyze the Evidence (4/5)

Example of pivot table and pivot chart from EPAR Technical Report #293: 

In our review of the 

evidence on morbidity

and economic growth, 

we coded what countries 

were analyzed in each 

Study, and whether the 

study presented quasi-

experimental evidence, 

non-experimental 

evidence, or was a review. 

We used that coding 

information to create

the pivot table and chart

to the right.

Non-

experimen

tal

Quasi-

experimen

tal Review

Grand 

Total

Multiple countries 10 1 5 39

United States 6 1 7

China 5 5

India 3 1 4

South Africa 4 4

Tanzania 3 3

(blank) 1 2 3

Germany 2 2

Korea 2 2

Malawi 2 2

Australia 1 1

Botswana 1 1

Brazil 1 1

Canada 1 1

Europe 1 1

Europe 1 1

France 1 1

Georgia 1 1

Ghana, Ivory Coast 1 1

Honduras 1 1

Hong Kong 1 1

Ireland 1 1

Kenya 1 1

KwaZulu-Natal 1 1

Mexico 1 1

Mozambique 1 1

New Mexico 1 1

Nigeria 1 1

Phillipines 1 1

Russia 1 1

rwanda 1 1

Singapore 1 1

South Asia (India, Pakistan) 1 1

South Korea 1 1

sub-Saharan Africa 1 1

Texas 1 1

Thailand 1 1

Uganda 1 1

UK 1 1

Vietnam 1 1

Zimbabwe 1 1

Grand Total 89 4 9 102
0 2 4 6 8 10

Multiple countries

China

South Africa

(blank)

Korea

Australia

Brazil

Europe

France

Ghana, Ivory Coast

Hong Kong

Kenya

Mexico

New Mexico

Phillipines

rwanda

South Asia (India, Pakistan)

sub-Saharan Africa

Thailand

UK

Zimbabwe

Review

Quasi-
experimental
Non-
experimental

https://evans.uw.edu/policy-impact/epar/research/morbidity-and-economic-growth


Analyze the Evidence (5/5)

• Coding spreadsheets, in addition to being able to summarize and graph the data 

in a spreadsheet package, can be read into more specialized statistical packages 

like Stata or multi-purpose packages like R for analysis. 

– Sometimes importing these data or spreadsheets into other programs requires 

you to save your spreadsheet as a .csv or “comma-separated values” file.

– R in particular can be used to create a variety of interesting graphics using the 

data from a coding spreadsheet.

• Spreadsheets can also be imported into visualization software programs such as 

Tableau or Power BI to create dynamic visualizations of your data and coding. 

– This is particularly useful for data analysis, but can also be useful for visualizing 

results of a literature review if you include many yes/no or categorical questions in 

your coding framework. 

– Tableau Desktop offers a free one-year subscription for educational purposes, 

though you need to register and request a personal product key for the software. 

After creating a Tableau visualization using the Tableau Desktop software, you can 

upload your visualization to Tableau Public (free to use after registering) to share 

with others or embed into a web page. Tableau offers a variety of useful training 

videos here. 

– Power BI Desktop can be downloaded for free, and similarly allows users to create 

an interactive visualization dashboard and publish it to the web. The Power BI 

website provides a variety of videos, samples, and in-depth documentation to 

support users in learning about the software.

https://www.tableau.com/academic
https://public.tableau.com/en-us/s/
https://www.tableau.com/learn/training
https://powerbi.microsoft.com/en-us/desktop/
https://powerbi.microsoft.com/en-us/learning/


Summarize and Report Findings (1/2)

The goals in summarizing and reporting the findings of your literature review are to 

(1) use the organization of the literature review framework as a structure for 

summarizing and presenting findings from analysis, and (2) identify and report on 

gaps in the sample of studies and in the literature review methods

1. Using the tables and figures you just created, begin organizing relevant results 

about the trends and patterns arising from the data. Consider:

– Do you go beyond basic descriptions of the studies to truly analyze? For example, 

do you look at trends in the evidence – by geography, study population, type of 

intervention, outcome area, etc.?

– Are there any gaps in the studies that have been revealed by analysis? Are there 

additional searches you can undertake to fill those gaps?

– Are there any unexpected or surprising trends? How do you explain them?

2. As you begin outlining findings for your final output (typically a report or slide 

deck), think about the following questions:

– Do you answer all the research questions?

– Are the findings organized in the most logical order?

– Do you present useful analysis in each of your sections, and is this analysis 

supported by the collected evidence?

– Where might a table or figure help illustrate or summarize the findings?



Summarize and Report Findings (2/2)

• A complete literature review output (often a report) will include 

– an introduction with background and a discussion of the theoretical framework 

and grounding for the review (which informed the literature review framework), 

– a transparent overview of the search, screening, and coding methods,

– tables and figures summarizing and presenting the findings, accompanied with 

relevant text providing further interpretation and analysis, and 

– a discussion of the relevance of the findings to the research question(s) and of 

any research gaps.

• Your analysis of the literature should be a cohesive story that gives an objective 

summary of your findings. This story should follow directly from your literature 

review framework and coding categories.

• Run an outline of your findings by a professor, your client, or a friend. They may 

be able to suggest different ways to analyze the data, logical ways to organize 

content,  or gaps in the discussion. At this point in your review, it can be hard to 

step back enough to see these opportunities; outside feedback can help. 

Example categories of key findings from EPAR Technical Report #293: 
• Measures of Morbidity

• Measures of Economic Growth

• Links between Morbidity and Economic Growth

• Findings: Literature on Morbidity and Growth

• Pathways from Morbidity to Growth: Individual/Household and Firm Level

• Pathways from Morbidity to Growth: Economy Level

• Conclusions and Research Gaps

https://evans.uw.edu/policy-impact/epar/research/morbidity-and-economic-growth


Evans School Policy Analysis & Research Group (EPAR) 

EPAR uses an innovative student-faculty team model to provide rigorous, 

applied research and analysis to international development stakeholders. 

Established in 2008, the EPAR model has since been emulated by other UW 

schools and programs to further enrich the international development 

community and enhance student learning.

Please direct comments or questions about this research to Principal Investigators 

C. Leigh Anderson and Travis Reynolds at eparinfo@uw.edu.

Professor C. Leigh Anderson, Principal Investigator 

Professor Travis Reynolds, co-Principal Investigator


